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Abstract: From text mining, graph visualization, and image recognition to multilingual comparison, chain-
of-thought reasoning, and international trend tracking, the technological innovations of AIGC, represented by
DeepSeek, will continuously enrich the methodological toolbox of humanities research. At the same time, the
application of DeepSeek in the humanities faces several challenges, such as inaccurate information, data bias,
and rigid generative paradigms. In response, this paper proposes a “Human-Machine-Text” intelligent interaction
framework, in which “humans” serve as the “orchestrators” and “gatekeepers” of knowledge generation, while
“machines” act as collaborative co-creators in academic research. Both humans and machines function as active
agents, driving the transition from the “manual paradigm” to the “intelligent paradigm”, thereby continuously
pushing the boundaries of research, diversifying methodologies, and significantly shortening research cycles.
The deep interaction among humans, machines, and texts not only revolutionizes the paradigm of knowledge
production but also reshapes the mechanisms of knowledge interpretation and distribution.
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