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Abstract: In this paper, the weak inference performance of large language models (LLMs) is presented
and analyzed based on some test results. It is pointed out that as token correlation degree prediction models, the
essence of LLMs inference is pattern matching. However, the process by which a LLM generates an output based
on an input problem can still be regarded as a kind of inference, although it is not the same as the human reasoning
mechanism. Human reasoning implies inference rules, abstract-substitution mechanisms, default premises,
semantic understanding, etc., which is top-down, while LLMs inference mainly relies on human language-scale
corpora and calculates token correlation frequencies at the language surface, which is bottom-up. This paper holds
that these two modes do not conflict, and in order to improve the inference ability of LLMs, one possible way is
to find the commonality between them in the underlying structure of the reasoning operation mechanism; such
as building a classification-comparison framework, adding the inference rules of natural logic to the LLMs, and
introducing external criteria for inference.
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