5475 5 8 (B 324 ) E] &3 0 e &3 55 &l Vol.47, No.8 (Serial No.324)
202548 A Journal of Dialectics of Nature August 2025

- Tl EMISEEES

TmER:

BEALBRBEARBBLEENS T, LEZRKETHEA W GPT4 4 2B ANAT 2T “NLE
RTLREE” “REARZFTALARARMEERERFLIEEEN” FHETFERRETGFE,
AERB/FZHBLTE, RANKRRAEAX L REERENCEATRE LEER, “MFXiE
THRAZ ZIBATIRA RS B S KFE AT Z IR, KB T LA KIE TR M AP
R R ESpE ., LFEHE, KERIPBEG BT - BN R R AR X 2 I e
R4, M2 M h, INEMFRE LN A BN, AmFH “MEIRL” P4
(Y FHRR, “KEZHEBERARZHE UAROERZHELH TR, T EHERER
5 XETHEAMZRGEALE ZAME, XLFAAH, KiET AR R KAHENE RAER , Fp £ 2 I E M
B BEMTHRELRFLES, KMk T 38 R Rt R, JIANEKFRERELEHA
R, AR, CRAAETHBEERARBSE GG, “PEFRTATR B R4
HRMARE” @M 7T AR A TIEFRGLEZA, 35 2R EZNXG AL EiRE,
LFRF A F I RFM XA ARG L, MAEAREIWE R T A TR E AL Loy —FF
FWy X, EFEMARR LZ —Fm SR REMA, 2B LFMREFGTE, TR
AIFRGT F R, LB S FREARLRTHRER S, £AZRASE BHRELZ ),
BERLRRBEMBAEEZRE, B4t AR B REBTZ R, RN EHREEHE A P A0
MARMEA . HUEF REAT VAT AR 7

(FAFX: XD%)

» L » /N A N
X KB 5B 2 2 B0V AT 1) i S8
— WEABEE WA E
Reflections on the Empiricist Assumption of Large Language Models:

A Study from the Perspective of Miki Kiyoshi’s Theory of Imagination
#3323 /XU Yingjin

(ZEFRHvbe, LI, 200433)
(School of Philosophy, Fudan University, Shanghai, 200433)

W EEIAUFE=AFER, 2RAHTRUE 287 HAT “H”, REAHHEHERS

EEWMA : EEHSR G — BT H X Tl LR B 50 E SR L Z AR B2 058" (5 H 45 : 22BZX031 ),

W EE: 202541 H 13 H

EEE T fsest (1978-) 3, BN, BERFP2be R, Wiy NI REH 2+ S5 R A =i 5¢ . Email:
yjxu@fudan.edu.cn



2 (BRIHEEIN) S 475 458 (202548 A ) 1 1-9

AR, FIH, AEERHAKS I AN EHE R, ZAY LR RTFREBERS, A
TURBREATF AL KB THA” bk, 5ERE—H, ABTEDNWRFELNT XK
BT AL AR T A M T BRI R B B A R AR B o3 B BB AR X R AR
%7 WA WA WEH, AT NN T E LN ERE XSS ARERA, AT, BT
SRR R E N R LE AT T QB RN AR T ESHEEN, TR AR AAL
FRNHIE R R b 5 R A ST WRE ., R E AR WBLE ALy
%R
KA WS SRS KETHE En AREEA

Abstract: From the Japanese philosopher Miki Kiyoshi’s point of view, the empiricist notion of “experience”
is too thin to accommodate temporal extension, reference to external objects, as well as the interplay between
experience-owing agents and their environments. Once properly modified, the foregoing Miki’s criticism can
be easily applied to the still-fashionable approach of Large Language Models (LLM) in Al. Paralleled with the
empiricist philosophy, the LLM-builders construct the digital counterpart of the Humean notion of “impressions”,
namely, “tokens” by treating the text as tokens. Moreover, similar to the Humean route-map of reconstructing
“ideas” from the accumulations of “impressions”, LLM-builders also intend to reconstruct the semantic features
of tokens via a proper statistical treatment of them, namely, a treatment routinely under the label of “word
embedding”. Nonetheless, since such reductionism-oriented route-map has deliberately bypassed nearly all
middle/high-level architecture required for a full-fledged notion of “cognition”, such rout-map could hardly
account for why human’s cognitive machine can deliver creative decisions and be competent in counter-factual
reasoning even when the size of the training data is much smaller than that is required by an empiricist theory. And
the LLM-builders’ incompetence of accounting for all of this in turn philosophically explains the origin of the so-
called “machine hallucination”.
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